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. A POV-Ray - The Persistence of Vision Raytracer (povray.org)
114 points by RafelMri 4 hours ago | hide | 59 comments

- A macOS Sequoia to Allow iCloud Logins in Virtual Machines on ARM Macs (developer.apple.com)

89 points by throwaway-blaze 4 hours ago | hide | 10 comments

. A Exploring Gleam, a type-safe language on the BEAM (christopher.engineering)

92 points by crowdhailer 4 hours ago | hide | 35 comments

. A Apple's On-Device and Server Foundation Models (machinelearning.apple.com)

712 points by 2bit 13 hours ago | hide | 362 comments

- A NanoGPT: The simplest, fastest repository for training medium-sized GPTs (github.com/karpathy)

/4 points by ulrischa 5 hours ago | hide | 8 comments

. A DuckDB Isn't Just Fast (csvbase.com)

69 points by calpaterson 6 hours ago | hide | 21 comments

. A OpenWorm - creating a virtual organism in a computer (openworm.org)

27 points by skilled 4 hours ago | hide | 7 comments

. A Free Quality SoundFonts (Sf2) (sites.google.com)

66 points by hggh 6 hours ago | hide | 10 comments

. A Private Cloud Compute: A new frontier for Al privacy in the cloud (security.apple.com)

465 points by serhack_ 13 hours ago | hide | 236 comments

AT built an ROV to solve missing person cases (suanto.com)
495 points by craydandy 17 hours ago | hide | 94 comments

A The Backbone of Cybersecurity: Hardware Security Modules (join.tech)
4 points by 5n00py 1 hour ago | hide | 1 comment

A Engage your audience: get to the point, use story structure, force specificity (iandanielstewart.com)
129 points by ingve 13 hours ago | hide | 34 comments
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Information Retrieval

A Relational Model of Data for
Large Shared Data Banks

E. F. Copp
IBM Research Laboratory, San Jose, California

Future users of large data banks must be protected from
having to know how the data is organized in the machine (the
internal representation). A prompting service which supplies
such information is not a satisfactory solution, Activities of users
at terminals and most application programs should remain
unaffected when the internal representation of data is changed
and even when some aspects of the external representation
are changed. Changes in data representation will often be
needed as a result of changes in query, update, and report
traffic and natural growth in the types of stored information.

P. BAXEN DALE, Editor

The relational view (or model) of data described in
Section 1 appears to be superior 1n several respects to the
graph or network model [3, 4] presently in vogue for non-
inferential systems. It provides a means of describing data
with its natural structure only—that 1s, without superim-
posing any additional structure for machine representation
purposes. Accordingly, 1t provides a basis for a high level
data language which will yield maximal independence be-
tween programs on the one hand and machine representa-
tion and organization of data on the other.

A further advantage of the relational view 1s that it
forms a sound basis for treating derivability, redundancy,
and consistency of relations—these are discussed in Section
2. The network model, on the other hand, has spawned a
number of confusions, not the least of which is mistaking
the derivation of connections for the derivation of rela-
tions (see remarks in Section 2 on the “connection trap”).

Finally, the relational view permits a clearer evaluation
of the scope and logical imitations of present formatted
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Transactional Analytical

row-based column-based
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2006
No declarative query language.
For scale!

@hadmap
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Forsecale!
2010
Let’s have SQL again




2009
No schema.
For scale!

. mongoDB.



2009
No-schema.
Forscale!

2017

Schema validation

‘ mongoDB.




2008
No ACID transactions.
For scale!

cassandra
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2023
Support ACID after all

cassandra



2014
No Internal Storage
For freedom!
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2024
Internal Storage
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PostgreSQL






New SQL!
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Time Series

Time
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Key Embedding
VARCHAR FLOAT[256]

Vectors




Oracle Database Insider

Oracle Database Insider N

All things database: the latest news, best practices, code examples, cloud, and more

Artificial Intelligence

Oracle Announces General Availability of Al Vector Search
in Oracle Database 23ai

May 2, 2024 | 5 minute read

Doug Hood
Oracle Al Vector Search Product Manager

b Ranjan Priyadarshi
Senior Director, Product Management(Mission-Critical Data and Al Engines)
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Old Dogs Are Great at New Tricks:
Column Stores for IR Prototyping

Hannes Mihleisen,* Thaer Samar,' Jimmy Lin,2 and Arjen de Vries!

TermlID Term
1 put
2 robe
Full Text Search -
u eX earc 4 hat
TermlID DociID Pos
1 1 2
2 1 5
3 1 14
4 1 8













Human typing speed
NL working population 10 000
NL work year 100
Total data produced 200 000 000 0006
After compression
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Scalability! But at what COST?

Frank McSherry Michael Isard Derek G. Murray

Unaffiliated Unaffiliated™ Unaffiliated"

Abstract o1 1000
'y

We offer a new metric for big data platforms, COST, 810} D% 8 |
or the Configuration that Outperforms a Single Thread. ‘«g : ol 5
The COST of a given platform for a given problem is the ’
hardware configuration required before the platform out- 1 ; — gk ; —
performs a competent single-threaded implementation. ' loco,es 100390 ' mco,es 100300
COST weighs a system’s scalability against the over-
heads introduced by the system, and indicates the actual Figure 1: Scaling and performance measurements

performance gains of the system, without rewarding sys-

tems that bring substantial but parallelizable overheads.
We survey measurements of data-parallel systems re-

cently reported in SOSP and OSDI, and find that many

systems have either a surprisingly large COST, often

for a data-parallel algorithm, before (system A) and
after (system B) a simple performance optimization.
The unoptimized implementation “‘scales’ far better,
despite (or rather, because of) its poor performance.
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Parquet
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A Short Summary
of the Last Decades
of Data Management

Tables are eternal

NoSQL was a bad idea

Relational systems eat most things
Big data is dead

DuckDB
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